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Square the Estimate | Watson
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Sum of .
Model df Mean Square | F Sig.
Squares
Regression | 36/690 3
12/230
Residual 0/000 13 1829820 .000a
0/000
Total 36/690 16
Predictors: (Constant), TEDIX, Industry, Finance
Dependent Variable: TEPIX

(Coefficientsa) Jds ez (1) o led J g

Unstandardized standardized
Coefficients Coefficients
Model T Sig.
Std.
B Beta
Error
(Constant) | -.208 011 -18/216 .000
Finance 299 .059 . 100 5/056 .000
Industry 317 .037 .106 8/553 .000
TEDIX 2.383 .063 794 37/851 .000

a. Dependent Variable: TEPIX
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